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Tab.3 The impact of big-data credit reporting on the probability of platform credit approval
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€)) (2 3) 4) ©) (6)
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TH B2 A Ak 0.551%*x* 0.289%**
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B [E1] 2] 5 284 | | i il il il
FEA R 422,246 422,246 422,246 422,246 422,246 422,246
R2 0.094 0.202 0.082 0.164 0.082 0.206

E: RAKTFHAARENEERE, NEFETHNHARERAER.

(TED &

(Z) #—E0: ABIBRIEESERIEENERYN

N T DR TAEGALEE BN AT N E S
TERMAZET, BT (2) e, SRR 4 Fn. 51 (1D &KW,
BB A BT A REE 1%KF N RFNIE, BWREHEREHIFASHII52 5
LS AR BAE T B RAG R P B, i =0 H A A5
WA RS T 5 M 55 R S 2

e AR N2 o ot H 2

VIR, ARSI “R—EEFHR” 5%
“REIEEHR” 5RIHE
THRE R IX
HONhTE. Xl
o Hl (2) ~ (3) ARk

o A A A

®, Rk Fsekk g B KR AE 10%.

PN R

5%Fa 1%AK-F B

CHBFFERBRT PG B RIHE R M TAER N EIEER, KBE R
SRR & A IS KA S M AL (s (R S F0E(E D X EEE BRI, 5 (4)
HI ks BHiE 2 B S RSO BTN SE R SR SE R, AU LA KUN-1.034, H
FE 1% TR, BEWIME AR SO BEE 2 g% SRS 2T G YAl P RS A T A, T R
ARAEH . B (5) 3 TR “RE0EFM K7 58 IERe®. HRFEAMX. eI
15 FH R SAS L 3 30 B2 AT D915 B I AS LIS [RIZN AR A (R Bl A 4551, R DT B 8 IR & b AR 4t
ST B HRAS VP TP RIRLCE,  BIX -1 &I BRI 7, AR GHEEE X 62 S0 &%
RS, P TEREB KR,

T4 RBIBRIEEFERIEEZEXER

Tab.4 The relationship between big-data credit reporting and traditional credit reporting

T_l”f):l 7B ﬁL
Ap
1) 2) 3) 4) (3

A eEHE 0.142%%* 0.324%* 0.322%* 0.329%* 0.140%%*

(0.024) (0.013) (0.016) (0.013) (0.024)
Pras s ik =3t I Sl 8 WK it | 0.057*** 0.076%**

(0.006) (0.007)
AR (5 F R B R4l AR 0.089 0.080
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(0.065) (0.065)

REHEFEH RPN K 0.001 -0.016%#*
(0.003) (0.003)
R EFHRERRATHE -1.034%%* 1,252k
(0.317) (0.318)
BB 5.077%%* 6.220%%* 6.076%** 6.222%%% 4.925%%%
(0.695) (0.697) (0.697) (0.697) (0.696)
HIATHEER il il | | i
P AL P P P il il
P 1] J] 2 28K Etil Etil P il il
e 422246 422,246 422,246 422,246 422,246
R2 0.206 0.206 0.206 0.206 0.206

E: HEMTAGREEQERITHELT. HEREAMK, FeEARK. FAFIXALE, TXEH.

(=) R
1 AR
T HRAGHEE AR LA A &, IR SOR I et [l A A AT RS e PR B . LAY 4 T
supply_limit,, = o + Binformation,, + yX,, + 5, + &,, (3)
Hrb, supply_limit, 2V G RAGHL, HARAR R SRR~
B, ARV EREHEE MR E, BEARIEEMNF. RibH e, W6
K PG A IR AN RSO A R DR BRI (3D, S RIERSH (1) ~ (6)
G, £ aRESESEZE, U “REMERFMHR" B8 IMHESILE M AT 8 E B Re s )
TERBURNE . P EEFRTIREESRILERE . A7 6 RiHH R edim. 197 A%,
FET SRR I P, IF4 T s RS WU
S REMAE: REEEENFERETENTM

Tab.5 Robustness: The impact of big-data credit reporting on the probability of platform credit limits

A B FASHUE
6] 2 3) (C)) (%) (6)
REMTEERE  1.936% 0.819%**
(0.023) (0.022)
BHH B 0.355%%* 0.263%+*
(0.001) (0.002)
H e AR 0.952%** 0.497*%%
(0.030) (0.024)
G A I K 0.244%%% 0.078%+*
(0.001) (0.002)
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fEHR AT E

e 3341 %0k
(1.040)

P AL P

HSf 1) i) 5 R0 P

FEA R 422,246

R2 0.118

-4.244%%% -3.350%%* -3.045%%
(0.981) (0.961) (0.966)
Etil il
il il
422,246 422,246 422,246
0.227 0.100 0.201

6.323%%%
(0.299)

-3.350%**

(0.961)
5l
5l

422,246
0.100

0.354

(0.261)
-3.880%**

(1.013)
il
il

422,246
0.235

B, AR EREBEE PR R, K “REIEER R 58T N E B M T,
BEAT (4> K, SRWMEH (1) ~ (5 FIPm. AR, BRI (5) ShREDIRIHELR S £

[l Z R EEA GRS — B R “Me GG E R S AT M E BB 787 4R A .

supply_limit,, = a + Bccardinf,, + f,consuminf,, + fccardinf,, *con suminf, +y X, +0, + ¢,

o TRREMARL . RBIBIEEMERIEEZEXAR
Tab.6 Robustness: The relationship between big-data credit reporting and traditional credit reporting

BAZEE
At
1) ) 3) 4) (5)
RESEEHE 0.289%* 0.819%* 0.680%** (.827%%* 0.204%*
(0.027) (0.020) (0.023) (0.020) (0.027)
0.187%** 0.204%%%
AT ERH R RiHE &
(0.777) (0.008)
0.049 0.019
S T B T (.019)
(0.067) (0.067)
0.042%%* -0.030%*
REHERHF*T &K
(0.004) (0.005)
2,535k -3.499%*
REREEHREHRZAE
(0.501) (0.502)
-2.504% -3.804%** -3.449%%* -3.805%* -2.099%
BB
(0.871) (0.872) (0.872) (0.872) (0.871)
HIATHEE Eieal Eieal el el Eieal
25 1) AP Eial Eial el el Eial
) [ 52 R Eieal Eial el el Eial
FEARE 422246 422,246 422,246 422,246 422,246
R2 0.237 0.235 0.236 0.235 0.237

2. AL it

A FE Logit BB FAE(S PP 0 B . IE AL S5 PIE R HI I & 557 & AN, 3ok
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ANTEE B A5 R PPl 7 202 75 B A 8 TR 4 DR A8 R N (45 R XU B, S8 B3 P probit #5554 . % Ttk
FIH probit A ALK HE HERFF 78 45 RABHATRRAEMERTSG,  [BIALE R WK 7 FiR, 5 Logit B8 A1 5 25 SR AR KF—
M, VLA SCE LI B AR .
F7 BREMAE. KBEEENTEREEIHMENZN (probitiRa!)
Tab.7 Robustness: The impact of big-data credit reporting on the probability of platform credit approval (probit)

S A il
(1 2 3) “) ©) (6)
REHEEHF 0.589%*x 0.205%+*
(0.007) (0.008)
B e 0.146%** 0.123%*
(0.001) (0.001)
T P A AR 0.336%** 0.176%**
(0.016) (0.016)
& A A I K 0.086%** 0.019%**
(0.000) (0.001)
BRI E 1.865%** -0.119
(0.083) (0.084)
BRI 2.945%k* 3.620%%* 2.947%k* 2.979%** 2,947k 3.501%%*
(0.368) (0.377) (0.371) (0.371) (0.371) (0.375)
P AL P P P P P P
B 171 [ 52 2508 il Fa ) il P P P
FEA & 422,246 422,246 422,246 422,246 422,246 422,246
R2 0.093 0.199 0.082 0.164 0.082 0.203

[FIFER, R probit R KEHEALSE 5L GUILME B R REATRE AR LG, R 8 or T I A5 R,
5 4 R 2 WHREHRILEE B S EGEE R R Z H K% R B AR
8 TRfEMARE: ABIBIEEMERIEFEZEIXAR (probitiEEl)

Tab.8 Robustness: The relationship between big-data credit reporting and traditional credit reporting (probit)

BAG R
Bl
(1) 2 3) “) (5
GG EFHFR 0.094 %% 0.205%%* 0.322%%* 0.207%** 0.094%**
(0.013) (0.008) (0.016) (0.008) (0.013)
BTG R RUHE &5 0.036%** 0.048***
(0.003) (0.004)
FE G058 5 F R SR A F A 0.050 0.042
(0.037) (0.037)
GG ERBH R E A 0.001 -0.010%**
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(0.003) (0.002)
TG E SRS RAT T E -0.662%%* -0.819%*
(0.193) (0.194)
R 2.859%** 3.482%%% 6.076%+* 3.480%k* 2.758%%*
(0.375) (0.375) (0.697) (0.375) (0.375)
HATHER | P il il i
P AR | | il il i
B J¥) [ 2 2550 | i il il i
FEAR: 422,246 422,246 422,246 422,246 422,246
R2 0.203 0.203 0.206 0.203 0.203

3. HERR I IRl FE A
FEREAERI RS b, A AR N [H) 78 25 2018 4F 3 ~2021 4F 12 7, A8 32587 b il 8 1% R i (1)
TR B e il RPN e R B R RO ASE A, et R, B SRR U™ % B 12
B, Al T R RERER], EIAHE L B AFRE LR . ST, TR I b
A, WPEEAERE LS RAATREVERR SR, SRR 9 PR, 0Hl SR 3 EIASRORREF— 2, Ui W2k
SRR
R REMAE. RYREEHFEREEIMERMEE HFREBHAERER)

Tab.9 Robustness: The impact of big-data credit reporting on the probability of platform credit approval (excluding samples
from the Covid-19 period)

S BAGR
(1 2 3) “) ©) (6)
REHEBHFR 0.974%+* 0.334%%*
(0.013) (0.015)
Bt e 0.266%+* 0.217%%*
(0.002) (0.002)
T P A AR 0.545%** 0.244%%*
(0.037) (0.040)
& A A I K 0.183%** 0.046*+*
(0.001) (0.002)
BRI E 3231 %% -0.183
(0.161) (0.151)
e ant 5.034%%% 6.424%%* 4.992%%* 5.35] %% 4.985%** 6.240%%*
(0.690) (0.692) (0.674) (0.680) (0.673) (0.698)
P AL P P P P P i
P 1] J] 2 28K P P P P P il
FEAR SR 289,205 289,205 289,205 289,205 289,205 289,205
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R2 0.087

0.196

0.072

0.163

0.073

0.200

FIRER), ARSI R BEEEAEA S, X KB AE(S 5 A S (5 10 B AN AT R @ AR 3, [l
ZURWFR 10 frox, WER (5D FURISE R AT LUR H, 52 5 905E 5 R 578 2 55 10 A AR 1 28 B 00 AR 00
B AR A GEALL A5 X 4524 2 15 3 S I AR 0 2

10% 7K _EoA 5, B 25 (8 A A B 20 25 FA) £ )

ERREAK AR

R10 F2EMARN . REBEGFMERIEECBEXAR (HREIFHBEAR)

H= RN
REE

Tab.10 Robustness: The relationship between big-data credit reporting and traditional credit reporting (excluding samples

from the Covid-19 period)

A5 R
A e

(1 (2 3) C)) (5)

REGEFHFR 0.094%** 0.205%** 0.322%%% 0.207*** 0.094%**

(0.013) (0.008) (0.016) (0.008) (0.013)

B EEH R RTHE A 0.071*+* 0.084%**

(0.007) (0.008)

R GBE G H R +1H 2 A8 F Ak -0.144* -0.165%

(0.085) (0.085)

REHEFEHRFEMHNK 0.014%** -0.012%%*

(0.004) (0.005)

R ERHRHE ARSI E -0.689%* -0.954%x*

(0.342) (0.344)

A 5.097%+* 6.208%** 5.985%* 6.210%%* 4.855%%*

(0.696) (0.698) (0.697) (0.698) (0.696)

HIATHEER P | P ] il

Pt A & | | i il il

S 161 [ 5 28508 | | | il il

FEA & 289,205 289,205 289,205 289,205 289,205

R2 0.201 0.200 0.200 0.200 0.201

4. B hngs ) A &

ok WIS R LS R, AR SCAE S BURERE bR T P R ASEAR L . SR KL

L P AESR T R ]2 RO o e, SSUWRARGUVRED A &, IR 248, Wy 1, WRA ) O8 RE aEE
5o NN 0. ZEEKTAERFZIRE, YIhLUTRZEEKT N1, PERVEE 5 N2,
Flm N3, KElN4, KBNS, BIEA KRN 6. SHIESSRIR 11 A 12 PR, R 11ERE5K3
FLAE PRI/ — B R 12 G RN — PR, £ aREREERES, W% E L

D E AP PR 22 R EEERSY R i
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1 REMRE: ARREEENTFaRFERIHRNEE GEmizHEE)

Tab.11 Robustness: The impact of big-data credit reporting on the probability of platform credit approval (adding control

variables)
S BAG R
6] (2 3) (C) ) (6)
REHEFHAER 04500 0.097***
(0.029) (0.031)
B 4 0.143%%% 0.129%**
(0.003) (0.004)
W e AR 0.844%*x 0.685%+*
(0.044) (0.045)
F & AR 0.081%*** 0.009%**
(0.002) (0.003)
BRI E 1.485%%% 0.086
(0.307) (0.322)
BB 4.740%%* 4.756%** 4.667%%* 4.191%%* 4.764%%* 4,587k
(1.349) (1.368) (1.343) (1.354) (1.344) (1.368)
| A | il | il | P
I 161 [ 5 280 P P P P P P
BT I RO P P P P P i
FEA R 93,042 93,042 93,042 93,042 93,042 93,042
R2 0.031 0.067 0.034 0.053 0.029 0.071

F12 RREMARE: REBEEMERIEECEXR GEnEHTEE)

Tab.12 Robustness: The relationship between big-data credit reporting and traditional credit reporting (adding control variables)

A5 R
Bl
(1 2 3) ) (5
REHEEHFR -0.059 0.088%** 0.031 0.096*** -0.061
(0.051) (0.031) (0.036) (0.031) (0.051)
S Y AE AR BT e 0.053 %+ 0.132%%*
(0.013) (0.004)
Fe TR Yh AT Fl R S A F A 0.217* 0.188*
0.111) (0.112)
REHEFEHRFEMHNK 0.023*+%* 0.012
(0.006) (0.007)
R ERHRHE ARSI E 0.177 0.027
(0.735) (0.739)
H I 2457wk 3.101%%* 3.082%%* 3.105%** 2.410%**

16



(1.184) (1.184) (1.185) (1.185) (1.184)

HWHRATAER Etil Etil Eatil f 1 f 1
AL Eatil Eatil Eatil f 1 f 11
B 1] 8] 7 808 Eatil Eatil Eatil f 11 f 1
IR i T 5 AR il Etil il tetill 1l
FEAR 93,042 93,042 93,042 93,042 93,042
R? 0.071 0.071 0.071 0.071 0.071

(M) RERMESH

Nt — ARG AT F1E BX-F G 15 2 Tl 1 e B Ve R, AR SCIE T 1 X 22 e 15 4 08 22 e R AT 52
WEM T O MRAETH 95 0T i NPT AL X A |, BRTEIE B IR B A IX 2 5 GRS IE R BT HIIX)
T FECFERERZER: @ R RE TR ENER, BHEAS N 25 ZUT. 25~35%, 35~45%
45~55% . 55~65% . 65 LA b5 6 41, IRFUAFERZIHE P45 0T i NAE T & 5245 T IRFE

FH AN [ 3 DX AN [R) A8 B PR T 245 DY W A BN A s L T e RS R 2 RN, P B RS
RE W RFEER . NBXERKE, —HUK, REXERRAIME, 476 X 4wk iR A
FERFEZR, I X E RINACFEAR, T 9% &8 5 R ER. R 1358 (1D PR EAX 5E51E
15 BRREARAEE AR B, X HIR AR Z, SHASAEE S KRB IEE A E X 2 5,
XWMIAE— B LIGAE T S RRHEF G 7EXTH PRSI JEAEIE IS . W ZE T RE, Wk 135
(2) FIfR, REHEFH AR WIS G 6 KA 3 AR S FER I A8 B B3 N 1,
RUIH G BEHE N E UGN, 31X 3 AN KEARAEE 5 B XS 2 B8 I i 1E ) s i 2% . — A lag
FIRRREAE T, SERBFERGEHR. (BT MRS i AR, O B R fomi it s s, M
ARG . R, FLERIHE 257 & B AR R NI SRIEE L. TP e SE BN ER. Mx, F
XN ARG, KR THE RS BE R IRCE,  Jfi 2 Hoth i 247 A TE S AL
H, X RE R RO BN O ELE I BB AR ALK, HEF & BB T BRI 24T A A HAt AT A R 22
B

R13 RRMED: ABIREEN AR EBREHENZIT
Tab.13 Heterogeneity: The impact of big-data credit reporting on the probability of platform credit approval

— TJ"fcﬂE l:lLli TJ"fcﬂE l:lLli
A
1 2

N 20,012

AR 2 B GEE N R
(0.029)
0.002

ST A AR B X+ BT 2R A

(0.004)
N b s e . 0.017

& T AR+ DX 3 B AT AR
(0.082)
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0.000
FE AT AR ERHL DR 65

(0.004)
-0.156
BRI 5 AT S
(0.304)
-0.029*
ER TR EEHE
0.017)
0.034%**
TEW* B e
(0.002)
-0.126%**
FEWS* VM B S5 18 AR
(0.048)
-0.007%%*
e e XU LS
(0.002)
0.248
FEWFEH RS
0.171)
4.834 %% 0.577
e
(0.697) (0.698)
REEEHE it Eitil
HHRITHER it |
AR 5 it Eitil
It ] [ 52 R it Etil
FEA & 289,205 289,205
R2 0.200 0.201

M. #HRIL: EAXAREAHDEEHATTHRERERE

2020 ARG, HRE AT 28 % 1 AN KT & AE IR S K, R ROR AL AR SR 0 X e T 2 A R
gt Az CIERRE K. R T IR “ BRI 7 | R BUERLFA S E O 5 A
RRA IRE I CAT & IO FE 90, 21 AL LIOK, ERR KR I PAFFAE RS FE R R L. #lin, 2003
BRI R 7 N 2011 S HA KR L SR B4R S Bl e . 2014 SEER IR 35 DL & E A
HE BRI E R G . SHARRA AL PA R, Frd s a2 5 1 7 a ah iy BA 1 2 LR L.
o, FRAEHWARSTATIE, AV B O B WU AT 9, s Py 7 S5 T T AR AR A AE SR
WorthingtonPH5 Hi, SR 2SS BRI S0 M X 3 pR B IR AR T A, (R o b th 2 6 45 KU 34 7% 28 R A
REEFM XK, EREBAEGE RE REFH Rk « IR BRI, ERRAEAIHIRA R etk S
AW MR ERZ G R et KRB . 9 EE Ll 2 ohdy, s ™ E2 M, A5 E RS
CASHIYS T IR EE- 0~V o WN 2V T PICIT leagc v S+ i Pl 1 Vagie U RrA D W o g Y vl AR g S VAR

W G R ALK, ENS s DAl A RGNS 25 SR 5 B4, 5780 iy 555, &R
(5158590 Ji: (R TSI 100-01 A K% 28 5% WA AN 5 M O2 355 T T R TFER AT T o A D 1 i BN AT 2% SCH
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HREDE, ERERR USRS S 2 Lo, gz b, 7 R a5 S o B m i i 7 32 22
g% “figs-mgn” BIROO, DL S I A i g B R 071, FIR IR Sk R G K L,
AR BB AT, IR E . BTN BERE, s rh i A 4RAT 5545 PRk an 7 %
iR A, o HAR MG PP R R RE ), AL {5 PYHRBUE B R A A P FREVY. S RRHT & E R 5
A B FRPFAEAT R AT, RIS R 6 RS DY 55 A 2 R BV HRAT(E ST O fe e, & S EULAE IR
PERI R PRI —E B R, MERNAERE, G R A RN B & K WK R Rk
PN, X FOE KA s B B E . oG, SN, ARG UREEE, KRR T, Fh
Al R R TR, ol Bz, Sl B, wol B ™R, 8 2 A O m PR, XA £
SEMELTE T2 N RN KT, 2 52 2 s B R SR USCN TIUIO0L, 98 2R A5 DY 2 4 AR AT IS H 24 F
H RS RT B, BN T T Bk 451 35 18 SN R sk e AN i, 3 s AR . BRIk, 58N
SIRDTHGAT A -

B5—J7H, HKMP&5E8RWRITAEGERTITAE - ENREFRR, XSBEMAHHECFE
HTIRESHL, IR RGBSR i T, HRE TR AR I E BT HR K. LR SR E Y
FOREIL, ERUF T, WAAKCFRARIENL T, T 9% & AT 2dad B g Tl 2745 DUR I 2  9 75 kU2 6
PR G Ny, 8 R ] T TG AR DR SRS DRI U3 S A, ELIR IV 2R AE DT AR A
FARIIME . TR0k, e D7 ERAESRAE, R R AR B s S, AR T U E DT R
AIBEE AT G0 B A5 DT SE B AR E V7T, Jedh, MHLE TR ARAT OB M S, BTG 1k
BHRAEE B IR MR KL T 55 808t S5 A% GRS A5 RAE A b ot o 7 2R IR e 3l 4R e 15 DR X
B A ARAR B o ESLAEOL N, LRI 357 & rT R R 05 B S 7S FVPAS R0 B s, & 21 hn s pe
4, WRIHERN AR, — @R LEMB AU IR R0, it — PR R E R R AL PAHE
A1 AR S0 A S A0 A5 R KON AIE A5 AE ELIBE R 3 F S RS RS O, A Sl (5) T SEiE
G

Pr(supplysucc,, =1) = a+ p, yiging, , + p,information,, + p, yiqing , * information,, + X, + ¢+ ¢, (5)

K, yiging,, RFENG T MRS B, 5 HE I )R 2020 R85 —ZRE 20T, W yiging,, =0, K2
viging,, =1 . HAbAE B W E 5/ — . information, NI B HFHWAERGE L, BIFMEGERERER
C ccardinf,, ) M AT NAE B C consuminf,, ) . FATE HKIVE B, + Byiging, » HIEAEE B X
BRAGIEE MR, W23 Byiging, X — LMW . FAEMERT, B yiging, =0 B, fEAE{E BX)
B MR B, , WS, B yiging, =1 B, fE{S {5 BEXHZE @S MR MEEAN B, + 4, W
BB, <0, T8 B A ot 2 M) 55 4% GRS FIOR B AR (S AE 7 S 1545 RSO R P R, RV 9% 5 1) 4%
GUEEE BARBIRMEEE R 5B e e, FEREEE MR E S TR, XM ERE SRS
Hi N, FESRI IR, SRS KRS, R E .
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BAZE RN 14 s EEHPEEERERNEM L, 5] (1D ~ () . ) ~ (5 ATUEHEEME
s “RESEGEHR” “BIHERESH” CPARMEANK” “ERRIAALE” ZHHARBEE NI
{H 230X AT B I — AN, Qg mdi 5 P e AN K” W LHREBAE 1% 17K T 2%
N, XU i A S B R AR GRS (5 B UL KBRS 5 B 558 GO AE BAE S G5
SRR R, H 2 S 0 P R AR AE VSR P A, BRI b REEL R T & — e ¥ b

RILANTE -

x4 REHEEEREEIHEROFM
Tab.14 The impact of the COVID-19 shock on platform credit approval probability
BRAG R TET
3
ey (@) 3 “ (5) (6)
G AT R A IERM -0.125% -0.044
ES (0.030) (0.031)
-0.027%%x* 0.004
PN bt R PR
(-0.003) (0.004)
B 1 B 27 A 0.066 0.096*
K (0.057) (0.057)
-0.025%** -0.027%**
PENE P S I
(0.002) (0.002)
BE e * {5 R 30T & -0.967***  -0.581
It (0.359) (0.364)
g el 5.870%**  4761%**  5800%*k*  5.680FKF  5.746%**  4.54]1%**
(0.478) (0.479) (0.478) (0.479) (0.478) (0.479)
BN gl gl gl F il Fa il F il
e N R gl gl gl Fa il Fa il F il
HHRITHER gl gl gl F il Fa il F il
AR gl gl gl Fa il Fa il Fa il
I [ ] 7 2%k gl gl gl Fa il Fa il Fa il
FEAR 422,246 422,246 422,246 422,246 422,246 422,246
R? 0.206 0.206 0.206 0.206 0.206 0.206

EARIRELE 2020 - ~2021 S~ HAL TRIGH S BL EHRFFWER .. BriEliEit. R s
JEB, PG B B AR B R AF b, A AR Bt IR o O 1 SRS IR AL B AR b o ) B AR
ASCAE AHE B 0 0 FEAE R AR HOE et o il ML AS & . TR P 0 B A DG N A R I, R B
PG IR E Bt — 7T, R RO R SR S N AT R, KN YR A R S —
Jith, TR SR EE R, SRmERAEAT. TE. stESE, B, Fd RS 0 E R E
FE—ERE L RBLBE G I ™ AR AL o AR 1 M R A A O bl J5, [BIA Rk 15 o, 53
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14 FEARFF—EL
F15 EREAENFEREEIHRTMW: EREERREY
Tab.15 The impact of the COVID-19 shock on platform credit approval probability: using Baidu Index
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Research on Information Value of Big Data Credit Reporting
in Credit Decision: From the perspective of consumption

behavior information on the Internet platform
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National University of Singapore, Singapore 117602)

Abstract : This study investigates the role of big data credit assessment in credit-granting
decisions on an internet consumer credit platform. Utilizing a random sample of approximately 500,000
active users from a domestic internet consumer credit platform with a focus on tourism, we conduct an
empirical analysis and obtain the following findings: 1 Big data credit assessment provides
informational value in credit-granting decisions. The applicant’s consumption capacity, consumption
habits, and platform engagement are incorporated into credit assessments. Consumers with higher
cumulative spending, more frequent use of consumption vouchers, and longer platform engagement
enjoy a relative advantage in the credit-granting process. @ Traditional credit information and
consumption behavior capture distinct dimensions of information and exhibit a substitution relationship
in credit decisions. Variables such as platform usage duration and the proportion of credit card payments
serve as substitutes for traditional credit information. @) In terms of heterogeneity, no evidence of
discrimination is found in platform credit-granting decisions. The platform places greater emphasis on
the traditional credit profile and platform dependency of younger users while prioritizing consumption
capacity in assessing older users. This suggests that internet consumer credit exhibits inclusive
characteristics. @ Under the shock of the COVID-19 pandemic, enhanced risk management by fintech
platforms reduces the weight of platform dependency in credit decisions, demonstrating a certain degree
of procyclicality.

Key words: big data credit reporting; credit decision; consumption behavior; traditional credit

reporting; COVID-19 pandemic
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